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Introduction

Introduction

● The abstract of a research paper 
provides a quick summary of the 
entire paper from problem to 
solution to the result

● The Introduction section provides 
a primer to the rest of the paper 
by summarising the goals and the 
setting of the research while 
expanding on the basis 
established by the abstract



Research Problem



Research Problem

● Abstract and Introduction are expected to be concise and informative. 
● But generating them manually is difficult and time consuming.
● Summarization has domain specific training approaches which are perform 

well. 
○ But summarization for research papers in

“Computational Linguistics” domain is not yet
addressed
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Research Objectives

1. Creating a sufficient data set for the task of Abstract and Introduction 
generation in the computational linguistic domain

2. Evaluating existing state-of-the art solutions of text summarization 
technologies on the above data set and other comparable data sets.

3. Creating automatic summarization models capable of Abstract And 
Introduction generation in the computational linguistic domain.

4. Creating an online application which, when given the LATEX source sans the 
Abstract and Introduction, generates these sections automatically.
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Literature Survey

According to the “Modeling document summarization as multi-objective 
optimization [1]”

Main objective of summarization,

1. Coverage of information
2. Information significance
3. Redundancy in information
4. Cohesion in text



Literature Survey: Validation Mechanisms

1. BLEU [2]

The closer a machine translation is to a professional 
human translation, the better it is

2. ROUGE [3]

● ROUGE-N
● ROUGE-L
● ROUGE-W
● ROUGE-S
● ROUGE-SU



Literature Survey: Related Review Papers

Paper Title Authors Year Citations

A survey on automatic text summarization 
[4]

Nazari and Mahdavi 2019 20

Automatic text summarization: A 
comprehensive survey [5]

El-Kassas et al. 2021 55

A survey on extractive text summarization 
[6]

Moratanch and Gopalan 2017 97

Text Summarization Techniques: A Brief 
Survey [7]

Allahyari et al. 2017 326

Recent automatic text summarization 
techniques: a survey [8]

Gambhir and Gupta 2017 466

A survey on abstractive text summarization 
[9]

Moratanch and Chitrakala 2016 69



Literature Survey: Building Blocks

According to Jones et al. [10] and Hovy et al. [11] 

Three steps break down of the building blocks of the structural components in 
automatic text summarization,

1. Identification
2. Interpretation
3. Generation



Literature Survey: Building Blocks

El-Kassas et al. [5] have classified the 
summarization systems considering 
different aspects
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Literature Survey: Datasets

Dataset No of articles Details

CNN/Daily Mail dataset More than 300k Average summary:
● 53 words 
● 3.72 sentences

NYT More than 1.8 million Articles from 1987 to 2007

XSum More than 220k BBC articles with single sentence 
summaries

Newsroom dataset 1.3 million (1.2 million publicly 
available) 

From 38 major publications

Bytecup dataset 1.3 million (1.1 million released for 
training)

2018 Bytecup ML contest dataset

ArXiv Dataset 215K Average:
● Doc words: 4938
● Summary words: 220

PubMed Dataset 133K Average:
● Doc words: 2016
● Summary words: 203
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Methodology: Backlog

 Learning Mechanism

Presenting dataset and 
the solution

Validating recent existing 
solutions

Dataset Generation



Methodology: Dataset Generation

● Data from arxiv
● JSON Lines files

○ Fields
■ article_id
■ abstract_text
■ introduction_text
■ article_text
■ section_names
■ sections



Methodology: Validating state of the art solutions against 
the dataset

Main focus is Cohan et al. [12] 
 > discourse aware model for abstractive summarization

RG-1 RG-2 RG-3 RG-L

arXiv dataset 35.80  11.05 3.62 31.80

PubMed 
dataset

38.93 15.37 9.97 35.21



Methodology: Learning Mechanism

● Sequence to Sequence 
(seq2seq) encoder decoder 
architecture
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